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L2HMC — S. Foreman et al.
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S. Pfahler, D. Knuttel, C. Lehner & T. Wettig - 2602.23840
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GENN - &=

V. Bellscheidt, N. Brambilla, A. S. Kronfeld & J. Mayer-Steudte - 2602.02436
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Normalizing Flow - B354

R. Abbott et al. - 2502.00263
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Continuous Normalizing Flow - B4

M. Gerdes, P. de Haan, R. Bondesan & M. C. N. Cheng - 2410.13161
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Stochastic Normalizing Flow - BS54

A. Bulgarelli, E. Cellini & A. Nada - 2412.00200
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Residual Flow -

R. Abbott et al.
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Riemannian Manifold HMC - B4

C. Jung & N. H. Christ - 2401.13226
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Neural Network Transform HMC - 2BAF4

J. He, X.-Y. Jin, J. C. Osborn & Y. Zhao - 2511.02018
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Parallel Tempering
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PT on Boundary Conditions - A&7 4

C. Bonanno et al. - 2404.14151
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PT Metadynamics - BS54

T. Eichhorn, G. Fuwa, C. Hoelbling & L. Varnhorst - 2607.21575
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Lanczos Algorithm - 31

W. Detmold et al. - 2601.22272
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Software

Y. Nagai, H. Ohno & A. Tomiya - 2602.20516

TR A%S £ LLVM 2Kk B o)l 7
QUDA - Grid - MILC - Chroma
openQCD - SIMULATeQCD - tmLQCD {EF=%£% — Enzyme — HMC force
. LatticeQCD.j| {88 in-place £Ij)l, &= CPU/GPU
5F 5 force ¥E—E. MMEERILL
PESNE1E
PyQU D A . GPT . H ad rons TABLE I. Representative wall-clock time (seconds) for a sin-

gle force evaluation of the Wilson fermion action on a 24*
lattice. CPU results correspond to single-thread execution.

GPU results are obtained on an NVIDIA H100 using JACC.jl.

Implementation CPU GPU
Hand-written 195.53 4.61
LLVM-AD 162.50 3.39

D force 43P 1138 ; A3 Krylov 1K S
i GPU [REEFhFEBEE X adjoint

2602.20516 Table | 18 /22


https://arxiv.org/abs/2602.20516

LQCDMaster — H. Gao et al.
https://github.com/sj

Software — Agent

- 2607.15001
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LaMET-Agent — J. He et al. - 2609.32225

https://github.com/Al4LGT/lamet-agent
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Thank you for listening!



