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A tool-making animal
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The ultimate goal of mathematics is to eliminate any need for intelligent thought.

—Alfred N. Whitehead

* Alpha go
* ChatGPT, deepseek
* Stable diffusion
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* Madgraph5 -> Machine Learning: MLAnalysis
* https://gitee.com/NBAlexis/CutExperiment
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* Kmeans

° DCA

* KNN

* [solation forest
* SVM
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TMVA https://root.cern/manual/tmva/

* Kmeans

o P C A The Toolkit for Multivariate Data Analysis with ROOT (TMVA) is a ROOT-integrated project providing a
machine learning environment for the processing and evaluation of multivariate classification, both binary an
° ,< N N multi class, and regression techniques targeting applications in high-energy physics. The package includes:

¢ Neural networks

* [solation forest > Deep networks

o Multilayer perceptron
[
S\/ I\/I « Boosted/Bagged decision trees

° *l\ % Jl—l I:I_I_ « Function discriminant analysis (FDA)

« Linear discriminant analysis (H-Matrix and Fisher discriminants)

[ /% *}j’ « Multidimensional probability density estimation (PDE - range-search approach)
o Multidimensional k-nearest neighbour classifier
o I_O F « Predictive learning via rule ensembles (RuleFit)

« Projective likelihood estimation (PDE approach)
« Rectangular cut optimisation

« Support Vector Machine (SVM)
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Principle component analysis(PCA)
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Cov(X,Y) = E[(X — E[X])(Y — E[Y])]

PCA

T2 X; il X; ZIEMHAE:

« (1) z-score

« (2) hEER

—1 =2 Wi
X=1x ,2 ,....x

?

. X1) Cov(X1,Xs) --- Cov(X1,Xa)

/Cov(X;
Cov(X2,X1) Cov(X2,X2) --- Cov(Xa, Xa)

Cov(X4, X;) Cov(Xy,Xa) --- Cov(Xg, Xg),

Y= XX7'

* (3) TEMHAMLXE (FRAMLEHFF)
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Isolation tree -> |solation forest

* [solation tree: .
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Support vector machine
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* | oss function: mse, mae, & X fg, -

* Optimizer: &x3& NfE, -, adam
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Under-fitting

(too simple to
explain the variance)

Appropirate-fitting

Over-fitting

(forcefitting--too
good to be true) G
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* Early stopping
« FR DA

* Training

* Validation

* Testing

Loss .

Overfitting starts:
Early Stop

Validation

Epochs
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GPT, LLM
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* Large Language Model
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Agent

e Claude code
¢ Codex

* OpenCode

* Qorderwork
* AKX

* Kimi-code

* Zcode

* Mimo-code

* Openclaw

* Hermes

* Trae —FF 45 A5,
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* Node.|s
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NVIM-WINAOWS

* https://github.com/coreybutler/nvm-windows/releases

Contributors

O

dependabot

v Assets 7

(] nvm-noinstall.zip

@ nvm-noinstall.zip.checksum.txt

@ nvm-setup.exe

3} nvm-setup.zip

@ nvm-setup.zip.checksum.txt

6.01 MB Jan 1, 2025
34 Bytes Jan 1, 2025
535 MB Jan 1, 2025
4.84 MB Jan 1, 2025
34 Bytes Jan 1, 2025

Jan 1, 2025

Jan 1, 2025

(ubutunE& #apt-get install)


https://github.com/coreybutler/nvm-windows/releases
https://github.com/coreybutler/nvm-windows/releases
https://github.com/coreybutler/nvm-windows/releases
https://github.com/coreybutler/nvm-windows/releases

CC - switch

* ECEAPI

v

Assets 21

%) CC-Switch-v3.16.5-Linux-arm64.Applmage
CC-Switch-v3.16.5-Linux-arm64.Applmage.sig
CC-Switch-v3.16.5-Linux-arm64.deb
CC-Switch-v3.16.5-Linux-armé4.rpm
CC-Switch-v3.16.5-Linux-x86_64.Applmage
CC-Switch-v3.16.5-Linux-x86_64.Applmage.sig
CC-Switch-v3.16.5-Linux-x86_64.deb
CC-Switch-v3.16.5-Linux-x86_64.rpm

CC-Switch-v3.16.5-mac0OS.dmg

@ & & & & & & & &

CC-Switch-v3.16.5-macOS.tar.gz

Eﬂ Source code (zip)

[2) Source code (tar.gz)

Show all 21 assets

4

141 @ 18 (¥ 17 @ 8 & 11 (8 7 160 people reacted

sha256:

sha256:

sha256:

sha256:

sha256:

sha256:

sha256:

sha256:

sha256:

sha256:

e154c98ced4813a135..

8c56ec433563c091a..

e19bhae7d649doeh7e..

96dds5f4ad7cedbeea..

ededefds1f5dfe7da..

898138f23a4ac76fc..

balc935d56f3dibf4..

ee8c8a992cfaieen?..

1fc8b187bc7d1089e...

109153d436592Fb46...

84.8 MB

424 Bytes

11.4 MB

11.4 MB

87 MB

424 Bytes

11.9 MB

11.9 MB

246 MB

25.2 MB

last week

last week

last week

last week

last week

last week

last week

last week

last week

last week

last week

last week
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* npm Install @anthropic-al/claude-code



Anthropicts [ -

CC Switch & ® ¥ ® + O ® &4 » 0 9 ¢

Claude Official

¢ CC - SWItCh | https://www.anthropic.com/claude-code

Xiaomi MiMo

https://platform xiaomimimo.com

» Kimi For Codin
H 9

https://www.kimi.com/coding/docs/  "P:8% TSk

Q

=
&)
¥
E
~

DeepSeek
https://platform.deepseek.com

* "hasCompletedOnboarding™: true
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 Kimi code

K2.7 Code IERUMRINEEFH LA

Kimi Code

Kimi RITHIPEECBALIINGE, BIRRESSETTRME,
EREICMENIEK, SR GRS

e A Qe R irm https://code. kimi. com/kimi-code/install.psl |- [©

—RiTiA, 295

Terminal IDE



SEATLERE

* 1 - JEE— T AgentBVEL ]
« 2 - {5 FHAgentE & MLANalysis
« 3 - EF{EHMLAnalysis skill




2

/

2

N

)

7

MER{EL:

S

S
N

4
[J
iR

(@)

TR HE s
e 5 0
o e oy 2
TR o K3
AIK— U h &
ﬁlﬁmﬂ.ﬁﬂ >~ IHE ©
HE T M KKE T
A $ o oHAs 2
P piar L S, Gite B
RRTER X o K
RN N B K
KIS
@u%_“m o =
PRHE O o - S
/{_I_I/ /// X bA\\ lt
FimE R O ~—
OFRTTINIS Sy By
\_:L\ 1) @ Vt k|
_mm._.__hwus”EA._/m_u AT g
HA ._u/u N ._/ln.u r.,l__.V\M .m_”_”_.m
\}x_“_ulled.w._ﬂw_N\_m_VA \\_WM/\ \o\_VA — ._._ +
SIEHEE SERE O
SIS = dox F
— O _ - L T
._.EH/T - X SooE, n_An
ol 8 mol
> RN @R g
. —_ o ke o _'_“\ N / -
T NP ETS 4 o <
DRI T 3 GIT oy
SN =—T"~ @) Ly TR
i i | SR
BRI 5 N )
KN s s R
\/zﬂ\,___._A% nUJTmA mZ\VLW
IeKEs=E || R >
s KR o | B8
AU 1| = SoRET SIrinEst
| |- TR
A_H_”\l/M/_} o 17 ~



SEHLERE2. BETR

oﬁE
)<

2 5 Mathemaica, FeynCalc, FeynArtsFInTGCAYFeynArtst
%:_'I:FIUFHTGCJ\ﬁkE/] e+ e-> 77 ZMEEAIL, KSM,
) gt H S —/ A manuscript (X revtex)
N3RS BITE = [8)FR4 \illfn%ﬁElT A H
DB B (J@EL%%\ﬂI—’ﬁ)_EHTO 1
R (CEPCReZ, Bfifb) . 7~ EHE
amplituder> AE (BIa0ALA2, ) , BT
\ ), SEEEParticle levelt§, RE5 2T
71, M—N—=ETFHMALIA2, AlA3, -, REH
NP, SM?FIJNPE’J: 5) g —ae, SWIAYKRIE
Bt T*Hﬁil'ﬂ*/\ﬁj\ Z%EHEEE

(d
o |
3%
© |IITI

|+>I=I
=

:JJ:
v

—
, J
Y7 -5
|1
|1

]

St
)
P '\H
]
JL
\
O
\I

‘=t
T+

il

RS> SOTR
=l

Iy
L2z oy

N

—
)
<
&
Pali
Z
O

IR csFatHY
—

kDo

ANl

1]

Aol
N 1

S
- I~
A

e Sl —

an

\J\l-

2P
=
ARG
OH-
£
il
il
e
G
ﬁ*
|1111+
éH
SO
t|\

ITH~TTH
wTee
e

NS
OH-
\m
7]
(@)




SEAFRTES: conway's life game

« SLIRFHERIA R & HFaYConwayE arir Xk, ZRXA—HEE: WIRER
mEl’]Conway_i._np/%556[9']patternEﬂEHTIE?HEW%?conﬂgurann, A
o] IS EEE Xspectrum, EFH6+618F, MBVIFIZSHI TR, XNEEE®

HTorusB RN R4, K2 (Kelien bottle), P2 (projective plane) |,
LIEFRREER 7@%$%meﬂh%% Kﬂ%mﬁﬂﬁﬂ
A Epdflatexd2 Bit X (X revtex) . FERXHHBEEENMHZH
A, UERBRTER. TR A B ?—ﬂﬁfﬁjﬁconﬂguratlon
HY{EE i, ﬁ‘XEiﬁTEEﬁH#%pattemE’]/ﬁ? (1/BH) B9 %h.

‘i@*ﬁﬁ%ﬁﬁﬁ'\]@% (BB . HoifshBE R AEARELET
JX Al




SEAERPE4: kmeans

s FHAMAYvenvEIRINEE, E E’,'ﬁ—/\kmeamﬁﬂ (NEHESE
Hf5l dnscikit-learn) . FEirkmeansfE—4% . H&I1ERslide (&
HF pdflatex)
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